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Abstract: With the development of society and the gradual improvement of living standards, overweight and obesity have become global problems.
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Metabolic diseases and cancers caused by obesity have seriously threatened global human health.Obesity is caused by the body’s excessive intake of
energy stored in fat cells in the form of triglycerides.A large number of medical proofs have shown that adipose tissue in different parts of the
human body has different physiological characteristics, so segmentation and quantification of adipose tissue in the body has important clinical
significance.The development of medical imaging technology can non-invasively image human body total adipose tissue (TAT), and segmentation of
total adipose tissue can be achieved through image segmentation technology.This article mainly reviews the domestic and foreign research on

adipose tissue segmentation and quantification in recent years, and aims to provide new ideas and references for researchers engaged in obesity or

adipose tissue image segmentation.
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