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Abstract: Objectives To understand the current situation of patients'missing-appointment behavior in the appointment service of hospitals; to explore
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and identify the key features of patients'missing appointment.Use these features to build a machine learning algorithm model to predict future patient
missing -appointment behavior. Methods Mining the big data of appointments in a large tertiary hospital in Hebei Province in 2018. First, Stata
adopts traditional Logistic regression to find the significant factors of patients' appointments, and then divides the data into training sets and
prediction sets, using SVM, decision tree, random forest and BP Different models, such as neural networks, learn and train patients’ absentee behavior
and characteristics, and test the accuracy of each algorithm in predicting patient absenteeism. Results The current appointment rate of hospital
patients is 16.16%. Logistic regression analysis shows that age, gender, appointment time and appointment department are the key features of
appointment cancellation behavior; using these features for machine learning and prediction can achieve better results, SVM, decision tree accuracy of
each algorithm of random forest and BP neural network exceeds 75%. Among them, SVM and BP neural network have the highest accuracy, which is
the best algorithm in this specific situation. Conclusion The appointment diagnosis and treatment services of my country's large tertiary hospitals
need to be further strengthened. In the context of the era of big data, machine learning methods can provide strong support for hospitals to predict and
reduce the rate of missing-appointment.
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