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Abstract: Objective To study the apply extreme learning machine model based on wavelet denosing in prediction of the healthcare —associated
infection incidence, and compare the prediction effect with extreme learning machine model and neural network model.Methods The healthcare —
associated infection incidence data of athree—A hospital from January 2014 to June 2019 were used as training sets to establish the extreme learning
machine model based on waveletdenosing, the extreme learning machine model and the neural network model. To predict the healthcare—associated
infection incidence of this hospital from July to December 2019 using the three models, respectively. Three kinds of error analysis indexes were used
to describe the fitting effect of the three models, and the prediction effect was compared.The healthcare—associated infection incidence from January to
July 2020 was predicted with the best prediction model.Results The incidence of healthcare —associated infection in the hospital from 2014 to
2019had a statistically significant difference (P<0.05), and showed a downward trend (P<0.05).The MAPE of extreme learning machine model based
on waveletdenosing, extreme learning machine model and neural network model was 0.89%, 2.99% and 5.28%, respectively;the MRE was 0.01, 0.03
and 0.05, respectively; the RSE was 0.02, 0.04 and 0.05, respectively.The extreme learning machine modelbased on waveletdenosing was used to
predict the incidence of healthcare—associated infection from January to December 2020, and the predicted values were all within the 95% CI range.
Conclusion The error indexes of the extreme learning machine based on waveletdenosingare are lower than those of the extreme learning machine
model and neural network model, which has good fitting and prediction effect, and can provide certain theoretical reference for the prevention and
control of nosocomial infection.
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