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The Value of Predicting Early Recurrence of Hepatocellular Carcinoma After Radiofrequency Ablation

Based on Pre-treatment MR-T,WI Radiomics Features
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Abstract: Objective To preliminarily explore the diagnostic value of radiomics features frompreoperative T,—weighted imaging (T,WI) in predicting
the early recurrence of hepatocellular carcinoma after radiofrequency ablation.Methods Retrospectively analyze the clinical and imaging data of 140
hepatocellular carcinoma patients with radiofrequency ablation treatment at the Fourth Medical Center of PLA General Hospital from January 2015 to
March 2021.Early recurrence was confirmed by postoperative regular follow—up. All samples are randomly divided into training set and validation set
with a percentage of 8:2. In the training set, 734 features were extracted first, and the features were screened by variance threshold, K best and
LASSO algorithm. Finally, the machine learning prediction model (logistic regression, support vector machine, random forest) was constructed and the
test set was used for internal verification.Results A total of 8 features related to early recurrence of hepatocellular carcinoma were screened out. The
AUC value, accuracy, diagnostic sensitivity and specificity of random forest classifier in predicting early recurrence of hepatocellular carcinoma after
operation in training set were 0.903, 0.812, 0.839 and 0.802, respectively. The AUC value, accuracy, diagnostic sensitivity and specificity in the test
set were 0.806, 0.750, 0.625 and 0.800, respectively.Conclusion The radiomics features of T,WI before treatment can be used for automatic
evaluation of early recurrence after radiofrequency ablation of hepatocellular carcinoma, which is helpful for clinicians to formulate appropriate
treatment plans.
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