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Research on Entity Recognition of Chinese Obstetrics and Gynecology Electronic Medical Records

Based on K-BERT
ZHANG You,LI Fang
(College of Computer Science and Technology,Shanghai University of Electric Power,Shanghai 201306,China)

Abstract: When the pre—trained model is used to name entity recognition of Chinese obstetrics and gynecology electronic medical records, BERT
lacks certain professional knowledge in the medical field, which leads to the decline of its recognition performance. A pre—trained model based on
knowledge graph—K-BERT name entity recognition model K-BERT-BiLSTM-CRF is proposed. The K-BERT pre-training model is used to obtain
the semantic feature vector containing the medical background knowledge, and the bidirectional long short—term memory network (BiLSTM) and
conditional random field (CRF) are used to extract the context-related features and solve the label offset problem to complete the entity recognition.
Using the real obstetrics and gynecology medical electronic medical record data set for training, the F, value of the K-BERT-BiLSTM -CRF model
reached 90.04%. Experiments show that compared with the general BERT model, the K-BERT-BiLSTM—-CRF name entity recognition model performs
better in the field of Chinese obstetrics and gynecology electronic medical records, and the recognition effect is better.

Key words:K-BERT;Bidirectional long short—term memory;Conditional random fields;Obstetrics and gynecology electronic medical records;Name

entity recognition
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